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Abstract

We address a scheduling problem of dynamically provisioning virtual machines (VMs) in order to minimize power

consumption on servers. Our research group has already developed a scheduling method of £k VMs on n servers

every A minutes based on predicted power consumption during the following 7" minutes. We propose a parameter

estimation method of k,n, A\ based on the following CPU resource usage to make schedules more efficiently. The

proposed method determines appropriate parameter values for past time-series data of CPU resource usage. The

appropriate parameter values for scheduling are estimated by collaborative filtering with multiple similar time-series

data and the appropriate parameter values of it. Performing a simulation experiment with an assumption of 200

servers and 400 VMs, we have confirmed that the proposed method can reduce the power consumption by 2.5% and

computational time by 88% compared to our conventional method.
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